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Artificial Intelligence

Mathematical techniques
performing tasks we associate to
Humans

With a too nice a name
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Eagle’s view of the main IA functions
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Eagle’s view of the main IA functions




“Learning” a.k.a parameter adjustment

Supervised

Reinforcement Unsupervised




Neural Networks

A simple neural network
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Word Embeddings

Grafico segun frequencia de las palabras TF-IDF
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Language Models

“Attention is all you need” — Vaswani et al. 2017
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Step 1

Collect demonstration data
and train a supervised policy.

A prompt is
sampled from our
prompt dataset.

A labeler
demonstrates the
desired output
behavior.

This datais used to
fine-tune GPT-35
with supervised
learning.
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Step2
Collect comparison data and
train a reward model.
A prompt and 4:;
several model Expmanress :
outputs are 10a17ing 108 6 ywie i,
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A labeler ranks the
outputs from best
1o worst,

This data is used
to train our
reward model,

Complex Learning

Step 3

Optimize a policy against the
reward model using the PPO
reinforcement learning algorithm.

A new prompt is
sampled from
the dataset.

The PPO model ls
initialized from the

supervised policy.

The policy generates

an output,

The reward model
calculates a reward
for the output,

The reward is used
to update the
policy using PPQ.
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New chat J ﬂ Can you give me some sxampes of use of Al ncorporations ?
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Importance Number of
paran1eters
of Data

175 trillion ChatGPT4

Challenges

Importance
of use

Complexity




Artificial Intelligence

Mathematical techniques
performing tasks we associate to
Humans
Serve as TOOLS

Principle of Delegation

With a too nice a name



In front of Artificial Intelligence, we have to be ethical, responsible and keep critical thinking
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